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SPECTRAL DENSITY ESTIMATION FOR SYMMETRIC 
STABLE P-ADIC PROCESSES 

Rachid Sabre 

1. INTRODUCTION 

In recent years, there has been a growing interest on p-adic numbers. The lat-
ter may answer some questions in Physics. Besides the number of papers in this 
area shows the interest of p-adic numbers to answer some questions in physics, as 
in string theory (connected with p-adic quantum field) and in the other natural 
sciences in which there are complicated fractal behaviors and hierarchical struc-
tures (turbulence theory, dynamical systems, statistical physics, biology, see 
(Kozyrev (2008), Hua-chieh (2001), Dragovich (2009)). Particularly 2-adic num-
bers will be useful for computer construction see (Klapper (1994)). Cianciri 
(1994) presented the main ideas to interpret a quantum mechanical state by 
means of p-adic statistics. He was interested in limits of probabilities when the 
number of trials approaches infinity. However, these limits are considered with 
respect to the p-adic metric. Khrennikov (1998) found a new asymptotic of the 
classical Bernoulli probabilities. In Khrennikov (1993), he developed the theory 
of p-adic probability to describe the statistical information processes. Kamizono 
(2007) defined the symmetric stochastic integrals with respect to p-adic Brownian 
motion and provided a sufficient condition for its existence. The properties of 
the trajectories of a p-adic Wiener process were studied using Vladimirov’s p-adic 
differentiation operator, see (Bikulov and Volovichb (1997)). 

Brillinger (1991) studied central limits theorems for finite Fourier trans- 
forms and for a family of quadratic statistics based on stationary processes 

pX( ) Qt t   where pQ  is the field of p-adic numbers. He also studied the spec-

tral representation of theses processes and gave spectral density estimation by 
constructing the periodogram similarly to the real case. Rachdi and Monsan 
(1999) give another estimator built from discrete-time observations k k ZX( )   

where k k Z( )   is sequence of random variables taking their values in pQ , associ-

ated to a Poisson process. 
In this paper, we consider a class of stationary symmetric α-stable processes. 

The estimate of the spectral density of theses processes is given by Masry and 
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Cambanis (1984) when the time of processes is continuous real, and by Sabre 
(1994, 1995) when the time is discrete. Our goal is to extend these works if the 
process is p-adic time. Precisely,we consider a harmonizable p-adic process: 

i
pQp

( )= e d ( ), QtX t M t    where pQ  is the field of the p-adic numbers and 

M  is a symmetric   stable random measure with control measure m . Assume 
that the measure m  is absolutely continuous with respect to Haar measure: 

pd ( )= ( ) ( ), Qm x f x dH x x . The density function f  is called spectral density 

of the process X . The aim of this paper is to give an estimator of the spectral 
density f  by observing the process X  on the p-adic ball nU . We start by con-
structing a periodogram that we smooth for obtaining nonparametric estimates of 
the spectral density which is asymptotically unbiased and consistent. 

The paper is organized as follows: Section 2, introduces p-adic processes. The 
periopdogram based on the observations of the process is defined in section 3. 
Section 4 gives an asymptotically unbiased and consistent estimate by smoothing 
the periodogram. Section 5 contains the concluding remarks, the potential appli-
cations and the open research problems. 

2. PRELIMINARIES 

In this section, we define the field pQ  of p-adic numbers and give some prop-

erties. Let p  be a prime number. Define the following norm: for a, 0 Zb   , 
n

p
a/ =p mb   where m  is the highest power of p  dividing a  and n  is the high-

est power of p  dividing b . The norm of zero is vanishing. Define pQ  as the 

completion of Q  in the metric defined by the norm p|.| . The addition, product, 

quotient operations are carried over from Q . It follows that the p-adic norm, p|.| , 

has the following characteristic properties: p| | =0x  is equivalent to 

x = 0 ; p p p| | =| || |xy x y  and p p p| | m (| | ,| | )x y ax x y  . Note that p| |x  can take 

only the countably many values mp , Zm . An important result given in Os-
trowski’s theorem namely the Euclidean and the p-adic norms are the only possi-
ble non-trivial norms on the field of rational numbers Q  Koblitz (1980) and 

Valdimirov (1988). All px 0 Q   can be represented in a unique form (Hansel 

representation) i
i

i m

x = px

 , with ix {0,1,..., 1}p   and m Z . If mx 0  then 

the norm of this p-adic number x  is defined to be m
p| | =px   and the fractional 

part of a p-adic number x , denoted < >x , is defined by: i
i

i<0

< >= x px  . Note 
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that < > (0,1)x   and p< > | |x p x . The ring of p-adic integers, pZ  is given by 

the elements of pQ  satisfying p| | 1x  . The ball with center 0x  and radius np  is 

defined by: n
n 0 p 0 pU (x )={x Q /| x | p }x   . In particular when 0x =0  we de-

note n nU (0)= U  and 0 p pU ={x Q /| | 1}x  . 

pQ  is a complete separable metric space, the stochastic process X( , )t w  for 

pt Q  and w  , ( , , )A P  a probability space, is well defined as a map from 

pQ   to R . p(Q , )  is an abelian locally compact group; from Haar’s theorem 

there exists a positive measure   on pQ , uniquely determined except for a con-

stant. It has the properties: 

pd (t )= (t) (a )=| | d (t)a d and d t a     (1) 

The measure will be normalized by p(Z )= 1 , see (Hewitt and al (1963)). Let 

t  be in pZ , then 2
0 1 2t = t t p t p ...    writing 1 2f( )= (t , t ,...)t g  and taking 

0 1(T , T ,...)  to be a sequence of i.i.d. random variables on the sample space 

{0,1, 2,...}  with equal probability. Then, it has 0 1 2Zp
f( ) (t )= (T , T , T ,...)t d g   and  

| |
( ) ( )= ( ) ( )= ( ) ( ).lim lim

n n
nQ t p Zn np p p

f t d t f t d t p f p s d s

 
      

3. PERIODOGRAM AND SPECTRAL DENSITY ESTIMATION 

Consider a process t pX ={X / Q }t   where pQ  is the field of p-adic numbers 

having the following integral representation 

i< >
t pQp

X = e d ( ) t Qt M     (2) 

where M  is a symmetric   stable S S  random measure with independent and 
isotropic increments. There exists a control measure m  that is defined by: 

1/m(A)=[M(A), (A)]M 
 . 

Assume that the measure m  is absolutely continuous with respect to Haar meas-
ure: d = (x)d (x)m    where   is Haar measure. 
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This density is estimated in Masry and Cambanis (1984) when the process has 
continuous real time, and in Sabre (1994, 1995) when the process and the random 
field have a discrete time. 

The goal of this work is to give an asymptotically and consistent estimate of 
the density   called the spectral density of the process t pX ={X / Q }t  . For 

that, we take the ball n
n p;; p

U ={x Q x p }   as the observation of the process. 

Consider the following periodogram: 

i< > n n
n n pUn
( )=A R e p h(tp )X(t)d (t) Qtd e       (3) 

i< >

Zp
H( )= h(t)e d (t)t    (4) 

Qp
= H( ) d ( )<B


       (5) 

1
n

n n
n n

p
H ( )= H(p )=A H(p )

B





    
 
 

 (6) 

Therefore, 
1/n

n
p

A =
B





 
 
 

 where 

n
n

nQ Qp p

p
H ( ) d ( )= H(p ) d ( )

B





       

                             
n

n

Qp

p
= p H(v) d (v)

B




    

Since n

p
p =p n  , we obtain nQp

H ( ) d ( )=1.
    

 

Proposition 3.1 Let ( ) ( ) ( ) .n nQ p
H u u d u

     If   is continuous and 

bounded function, then ( ( ) ( ))nB     converges to zero as n tends to infinity.  

 
Proof: Using the definition of n ( )  and from (5) and (6), we have 
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n

n nQ Qp p

n n
n n

Q Qp p

n n n n
nQ Qp p

nQp

B [ ( ) ( )]=

H ( u) (u) (u) H (u) ( )d (u) =

p p
H(p ( u)) (u)d H(p u) ( )d (u) =

B B

v
p p H(v) d p p H(v) ( )d (v ) =

p

v
H(v)

p

B d

B u

v



 


 


 

 



 

 

 

 



 

 

 



 





 
  

 
 

   
 

  
   

   

 
  

 

 

 

 



 





( ) d (v ) .
  
  

    


 

Since   is continuous bounded function and from (5), we obtain 

nB [ ( ) ( )] 0.      
 
Proposition 3.2 Let pQ  the characteristic function of ( ),nd   { ( )}nEexp ird   con-

verges to { ( )}.exp C r 
   

 
Proof: From (2) and (3), the characteristic function of nd ( )  can be written as 
follows: 

  i< > n n
n n Un

E i d ( ) = {i A R e h(tp )p X(t)d (t)}texp r Eexp r e      

                       i< > n n i< >
n U Qn p

= E {i A R e p h(tp ) e d (u) (t)}t tuexp r e M d     

Using the same argument used in Cambanis 1983, from the last equality we ob-
tain: 

nE {i d ( )}=exp r   

 i< u > n n
n Q Up n

e C r A e p h(tp )d (t ) (u) (u)txp d


 


      
  

     

Let nx = pt , we have 

 

n

ni< u p x>
n Q Zp p

E {i d ( )}=

e C r A e h(x)d (x) (u) (u)

exp r

xp d
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n
n nQp

E {i d ( )}= C r A H(p ( u)) (u) (u)exp r exp d


  
 
  
 

   

                  nQp
= C r H ( u) (u) (u)exp d


  

 
  
 

   

                  n= { C r ( )}.exp 
   

From the proposition 3.1, we obtain the result. 
We modify this periodogram as follows: 

q
n q, n( )=C d ( ) ,I    (7) 

where 0 < <
2

q


 and the normalization constant is q
q, q

q,

D
C =

F C



 

, where 

q 1

1 ( )
D = d

| | q

cos u
u

u 


 ; 

| |

q, 1

1 e
F = d

| |

u

q u
u










  and 

0

1
C = | ( )| d

2
cos u u

 
   . 

 

Theorem 3.1 Let pQ , then q/
n nE (I ( ))=( ( ))     and nI ( )  is an asymptotically 

unbiased estimator of the spectral density but not consistent: q/
nE(I ( )) ( ( )) = (1)o   and 

2
n ,V (I ( )) V ( )= (1)qar o  , with 

2
q,

,
2 ,

C
V = 1.

Cq
q






  

The proof of this result is similar to that given in Masry and Cambanis (1984) 
and Sabre (1994, 1995). It is sufficient to use the equality: 

i
q 1

q 1

1 e
| | =D e d x R.

| |

ux

qx u
u







 R  (8) 

 

Theorem 3.2 Let 1 2,   be two different points in pQ  such that 1( ) 0   and 

2( ) 0  , then 

1 2( ( ), ( ))= (1).n ncov I I o   
 
Proof: From (2), we have 
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   C ui dq nn
1

n n q, 1

e e e
EI ( ) I ( )=F C d

u

u

q u

 


  
 





 

R
1 2C( , )=   

 
2 2

2 2 / 1 2
q, k n k k n k 1

k=1k=1 1 2

du du
F (C ) E c u d ( ) -e C u ( ) .

u u
q

qos xp


    


   
   
  

  

Where 

2 2

k n k k n k
k=1k=1

1
c [u I ( )]= e e i u d ( )

2
os xp 

  
  

  
 R  

                           
2

k 1
k n k

k=1

1
e e i ( 1) u d ( )

2
xp   

  
  
R  

So that 

2

k n k
k=1

E c [u d ( )]=os 
2

k n kQp k=1

1
e C u H ( u) (u)d (u)

2
xp



  
     
  

   

                           
2

k 1
k n kQp k=1

1
e C ( 1) u H ( w) (w)d (w)

2
xp



  
     
  

   

Letting 2 2u = v , we obtain 

1 2 / a b 1 2
1 2 q,

1 2

du du
( , )=F (C ) e e

u u
qC 

        (9) 

where 
2

k n kQp k=1

a = C u H ( t) (t )d (t ),


     

2

k n k
k=1

b = C u ( )


   

   
2

k n kQpk=1

= C u H ( w) (w)d (w).
 

      

However, 
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a ba be e a e bb        (10) 

/2 /2
1 2 n 1 n 2Qp

a 2C u u H ( w)H ( w) (w)d (w)b
 

         

2/2
1 2 n 1 2 k n kk=1

a b 2C u u s ( )L ( , ) C u ( )b up
 

         , where 

/2 /2
n 1 2 n 1 n 2Qp
( , )= H ( w) H ( w) d (w).L

        (11) 

Since 
/2

1 2 1 22 u u u u
    , thus we have: 

2

k n k n 1 2
k=1

a b C u [ ( ) s ( )L ( , )].b up


         

It is sufficient now to show that n 1 2L ( , )   converges to zero. 

/2 /2
n 1 2 n 1 n 2Qp

L ( , )= H ( w) H ( w) d (w)
        

               
n /2 /2n n n n

1 2Qp

p
= H(p p w) H(p p w) d (w)

B

 



     
  

 
   

Setting n n '
1p p w = u  , we get 

/2 /2' n n ' '
n 1 2 2 1Qp

1
L ( , )= H(u ) H(p p u ) d (u )

B

 


        

Assume that H  verifying the following hypothesis. 

H(u)=0  si 
p

u >1,  et 
2( 1)

p
H(u) u





  si 
p

u 1.  Then  

/2 /2' n n ' '
n 1 2 2 1Qp

1
L ( , )= H(u ) H(p p u ) d (u )

B

 


       

               
11 n

1 2pu 1 p

1
u u p ( ) d (u)

B




 




     

with n
1 2

u
t = ,

p ( ) 
 thus we obtain: 
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2 2 1 1n n
n 1 2 1 2 1 2 p pDp p

1
L ( , ) p ( ) p ( ) t t 1 d (t)

B

  


     

        where 

n
1 2p p

D ={ t p ( ) 1}   , 

2 1n
n 1 2 1 2 p

( , )
( , ) p ( )

p
L





 
   




   (12) 

with 1 1

p pQp
( , )= t t 1 d (t)p       . From (9), (10) and the fact that n n

p|p | =p , 

these complete the proof of the theorem. 

4. THE SMOOTHING ESTIMATE 

In order to have an asymptotically and consistent estimate, we smooth the pe-
riodogram that was modified using a spectral window. 

n n nQp
f ( )= W ( u)I (u)d (u)     

where n n np
W (x)= M W(xM )  such that 

n
n n p

M
M ; 0 ;|M | 0

n
    and n p

n
p

|M |
.

|p |
  (13) 

W  is an even nonnegative function vanishing outside [ 1,1]  and 

Qp
W(v)d (v)=1   

 

Proposition 4.1 Let pQ  and  /( ( ))= [ ( )] ( ( )) p
n nBias f E f      then 

  ( ( )) = (1).nBias f o  

Moreover if   verify ( ) ( ) ,
k

p
x y cste x y


     then 

  
1

( ( )) = .n kp

n p

Bias f O
M 




 
 
 
 
 

 

 

Proof: We have 

n n n npQp
f ( )= M W(M ( u))I (u)d (u)     
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Letting n( u)M =v   and using (1), we obtain 

n nQp n

v
f ( )= W(v)I d (u).

M
 

 
 

 
   

From the proposition 3.1, we have  

p/

n nQp n

v
E(f ( ))= W(v) d (v).

M



 
     
   

   

As p <
2


, then we obtain  

p/

p/
n nQp n

v
B (f ( )) W(v) ( ( )) d (v)

M
ias


   

  
    
   

   

                   

p/

nQp n

v
W(v) ( ( )) d (v)

M



  
 

   
 

   

On the other hand, 

n
n

v
( ( ))=

M
  
 

  
 

 

n nQp n

1 v u
H (u) ( ) d (u)

B M p




  
  

    
   

   

Since   is uniformly continuous and from the proposition 3.1, we obtain 

nB (f ( ))= (1).ias o  

Assume that   verify 
k

pp
(x) (y) c x x, Q .ste y y


       

k

n nu 1
n n p

v c v u
( ( )) H(u) d (u)

M B M p

ste 



 



 

 
    

 
   

                                       
k

2 1

npu 1p n p

c v u
u d (u)

B M p

ste 
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Since p p p| | M (| | ,| | )x y ax x y  , we have 

n
n

v
( ( ))

M
  
 

  
 

= 

   
kk

2 1 2 1

np pu 1 u 1p pn p p

1 v 1 u
M u d (u), u d (u)

B M B p
ax  

 


 

 

 
 
 
 

    

Using the following equality proved in Vladimirov (1988) page 25, 

1
r 1
p r| | <1p

1 p
|1 | d =

1 px
x x









 , we obtain 

n
n

v
( ( ))

M
  
 

   
 

k
1 1

p

k 2 1 k 2 1n
n p p

v 1 p 1 p1 1
M ,

B 1 p 1 pM B p
kax  

 


 

      

 
  

   
 

. 

Thus 

n k / k /n
n pp

1 1
B (f ( )) O m ,

Mp
p pias ax    

  
     

    

. 

From (13), we have n
n p p|M | >|p |  for large n . Thus, we obtain 

k /
n n p

B (f ( )) = ( M ).
p

ias O
  

Now we will show that nf  is an asymptotically consistent estimate. 
 

Proposition 4.2 Let   be in pQ  and = n
nM p  where 0 < < 1 . Assume that 

1
Q p

L . Then  3 1( ( ))= ( )n
nVar f O p     

 
Proof: From the definition of variance, we have 

2
n n nV (f ( ))= (f ( ) Ef ( )) =ar E    

                 n 1 n 2 1 2 1 2Q Qp p
W ( u )W ( u )C(u ,u )d (u )d (u )       
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where 1 2 n 1 n 2C(u , u )= (I (u ), I (u ))Cov   

1 2
n 1 2 1 2Q Qp p n n

u u
V (f ( ))= W(x )W(x )C , d (x )d (x )

M M
ar   

 
  

 
     

1 2{ x x < } { x x > }1 2 n 1 2 np p

=  J J=
 



 
    

where n  is a positive real converging to zero as n  tends to infinity.  

1 2
2 1 2 1 2{ x x > }1 2 np n n

x x
J W(x )W(x )C , d (x )d (x )

M M
 



 
   

 
    

From (9) and (10), we get  

a b1 2 1 2
1

n n 1 2

x x du du
C , c a e

M M u u

b
qste b   



 
    

 
  

2
k

k nQp k=1 n

x
a = C u H v (v)d (v )

M



  
 

  
 

   

2
k

k n
k=1 n

x
b = C u

M


 
 

 
 


2

k
k nQpk=1 n

x
= C u H v (v)d .

M
v




  
 

  
 

   

a b 
/2

/2 1 2
1 2 n nQp n n

x x
2C u u H v H v (v)d .

M M
v




   
   

      
   

  

Letting 

/2

1 2 1 2
n n nQp n n n n

x x x x
H v H v (v)d L ,=

M M M M
v



   



     

          
     

  

/2 1 2
1 2 n

n n

x x
a 2C u u L ,

M M
b


  

 
    

 
 

2

k k ,
k=1

a b C u nb


      , where 
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k 1 2
k, n n

n n n

x x x
= s ( )L ,

M M Mn up    
    

       
    

. 

We have  
2 C ub a k k ,1 2 k

1 /2 1 /2
k=11 2 k

du du du
e e .

u u u

b n
q q




 

   
      

By changing of the variable: 1/
k k ,v = u ( )n

 , we obtain 

 b a 1 2
1 /2 2

1/2 /1 2
k ,

k=1

du du c
e .

u u ( )

b
q

q
n

ste




  
 





 

From (5), we have 

2 1n
2 11 2

n 1 2 p
n n n p

x x p
L , c x x

M M M
ste


 


 

    
 

 (14) 

Since 

n

p

n p

p
0

M
 , we obtain 

2 1
n

p1 2
n

n n n p

px x
L , =0 .

M M M



 


            

 (15) 

Thus, from the proposition 3.1, we have k, ( )n   . Therefore 

1 2
2 1 2 n 1 21 2 / Qp n n

x xc
J w(x )w(x )L , d (x ) (x )

M M( ( )) q

ste
d  

 

 
   

 
    

2 2
1

c
J

( ( ))
q

ste








 , where 

2/2

nQ Qp p n

x
= (v ) W(x) H v d (x) d (v )

M



 
      

   
     

Putting u = v  , we have 
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2/2

nQ Qp p n

( )
x

= u W(x) H u d (x) d (u)
M



 
      

   
     

Denote by: 

/2

n nQp n

x
G (u)= W(x) H u d (u)

M


 

 
 

   

and 

2
n nQp

S ( )= ( u)G (u)d (u)     

Letting 
n

x
u =v

M
  in the integral of nG ( )u , we get 

/2
n n n npQp

G (u)= M W[(u v)M ] H (v) d (v)
   

Let 
n

t
u =

M
 in the integral of nS ( ) , 

2
n nQp n n n p

t t 1
S ( )= G d (t)

M M M
 

   
   

   
   

/2

n nQpn n n

t t x
G = W(x) H d (x).

M M M


   

   
   

   

From (6), we obtain 

/2

n/2 n
n 1/2Qpn n n

W(x)t t x
G = p H p d (x)

M M MB





    
         

   

Let nt
p =

M

x
r

 we get 

n/2
/2n

n n 1/2Qpn np

p M rt 1
G = W t H(r) d (r)

M M p B
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Since 1
Qp

H(v) L
   and W  is bounded, we obtain  

n/2
/21/2

n Qpn np

p t
G B s ( ) H(r) d (r).

M M
up W



 

 
 

   

Thus, 

21/2nn

n n2 Qp n nn pp

pp t t
S ( )= G d (t).

M M MM
 

             
   

2n
/21 2

n2 Q Qp pnn p

p t
S ( ) B (sup( )) H(r) d (r) d (t)

MM
W


 

   
    

  
     

Qp n

t
c d (t).

M
ste 

 
  

 
   

Let 
n

t
=

M
r  , we get 

n

n n p2 Qpn p

p
S ( ) c |M | (r)d (r)

M
ste    . Since 1

Qp
L , 

we obtain 

3
n p

n n

|M |
S ( )= .

p
O
 
  
 

 (16) 

1/2 1/2
1 1 2 1 2 1 2x x1 2 n

J = W(x )W(x )(V ) (V ) d (x )d (x ).
     

where 1
1 n

x
V = I

Mn

Var 
  

     
 and 2

2 n
x

V = I .
Mn

Var 
  

     
 

As 

p/

n , n
x x

V I = V
M Mp

n n

ar



 
       

                   
, for a large n  we get  

2 /
1 1 2 1 2x x1 2 n

J c ( ( )) W(x )W(x )d (x )d (x ).ponst 



 

     

Since 1 1 1 1Q t < t <p n np p
W(x )W(t x )d (t)d (x ) d (x )

 
      , we have,  
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2 /
1 nJ c ( ( )) ponst   . Then 

3
n p

n nn

|M |
V (f ( ))= .

p
ar O 

 
  

 
 

Using the fact that n
n=pM   and choose (3 1)

n=p n    with   is satisfying <1 , 
thus we obtain  

 3 1( ( ))= ( ).n
nVar f O p     

5. CONCLUSION 

In this paper, we have proposed in this paper some results about the estima-
tion of the spectral density for symmetric stable p-adic processes. The approach 
was based on the technique used by Masry and Cambanis (1984) for stable proc-
esses combining estimates of p-adic spectrum introduced by Brillinger (1991). 
This work could be applied to several cases when processes have an infinite vari-
ance and have a discrete time, as for example: 
 The segmentation of a sequence of images of a dynamic scene, detecting weeds 

in a farm field. 
 The detection of possible structural changes in the dynamics of an economic 

structural phenomenon. 
 The study of the rate of occurrence of notes in melodic music to simulate the 

sensation of hearing from afar. 
This work could be supplemented by the study of optimal smoothing parame-

ters using cross validation methods that have been proven in the field. 

ACKNOWLEDGMENTS 

I would like to thank the anonymous referees for their interest in this paper and their 
valuable comments and suggestions. 
 
Laboratory Le2i RACHID SABRE 
University of Bourgogne, France 

REFERENCES 

G. BACHMAN, (1964), Element of abstract harmonic analysis. Academic Press, New York and 
London. 

A KH. BIKULOV, A. VOLOVICHB, (1997), p-adic Brownian motion 61, N. 3, pp. 537-552. 
D.R. BRILLINGER, (1991), Some asymptotics of finite Fourier transforms of a stationary p-adic process, 

“Journal of Combinatorics, Information and Systems”, 16, pp. 155-169. 
S. CAMBANIS, (1983), Complex symetric stable variables and processes, in P.K. SEN, ed, “Contribu-

tions to Statistics: Essays in Honour of Norman L. Johnson” North-Holland. New 
York, pp. 63-79. 



Spectral density estimation for symmetric stable p-adic processes 447 

S. CAMBANIS, C.D. HARDIN, A. WERON, (1987), Ergodic properties of stationary stable processes, “Sto-
chastic Process Appl.”, 24, pp. 1-18. 

S. CAMBANIS, M. MAEJIMA, (1989), Two classes of self-similar stable processes with stationary increments, 
“Stoch. Proc. Appl.”, 32, pp. 305-329. 

S. CAMBANIS, A.R. SOLTAN, (1984), Prediction of stable processes: Spectral and moving average represen-
tation, “Z. Wahrsch. Varw. Gebiete”, 66, pp. 593-612. 

D. CLYDE, JR. HARDIN, (1982), On the spectral representation of symmetric stable processes, “Journal of 
Multivariate Analysis”, 12, pp. 385-401. 

R. CIANCI, A. KHRENNIKOV, (1994), Canp-adic numbers be useful to regularize divergent expectation 
values of quantum observables, “International Journal of Theoretical Physics”, 33, N. 6, pp. 
1217-1228. 

E. DAGUM, (2010), Time Series Modelling and Decomposition, “Statistica” 70, I. 4, pp. 433-457. 
N. DEMESH, (1988), Application of the polynomial kernels to the estimation of the spectra of discrete sta-

ble stationary processes, (in russian) “Akad.Nauk.Ukrain” S.S.R. Inst. Mat, 64, pp. 12-36. 
B. DRAGOVICH, A.YU. DRAGOVICH, (2009), A p-adic model of DNA sequence and genetic code, 

“Mathematics and Statistics”, 1, N. 1, pp. 34-41. 
D. DZYADIK, (1977), Introduction à la thèorie de l’approximation uniforme par fonctions polynomiales, 

Akad. Nauk Ukrain. S.S.R. Inst. Mat. 
E. HEWITT, K.A. ROSS, (1963), Abstract harmonic analysis, volume 1. Academic Press, New 

York. 
Y. HOSOYA, (1978), Discrete-time stable processes and their certain properties, “Ann. Probability”, 6, 

pp. 94-105. 
Y. HOSOYA, (1982), Harmonizable stable processes, “Z. Wahrsch. Verw. Gebiete”, 60, pp. 517-

533. 
LI. HUA-CHIEH, (2001), On heights of p-adic dynamical systems “Proceeding of the american 

mathematical society”, 130, N. 2, pp. 379-386. 
K. KAMIZONO, (2007), Symmetric stochastic integrals with respect to p-adic Brownian motion, “Prob-

ability and Stochastic Processes:” formerly Stochastics and Stochastics Reports, 79, N. 
6, pp. 523-538. 

A. KHRENNIKOV, (1993), p-Adic probability theory and its applications. The principle of statistical sta-
bilization of frequencies, “Theoretical and Mathematical Physics”, 97, N. 3, pp. 1340-1348. 

A. KHRENNIKOV, (1998), p-Adicbehaviour of Bernoulliprobabilities, “Statistics and Probability 
Letters”, 37, N. 4, pp. 375-379. 

N. KOBLITZ, (1980), p-adic analysis: Ashort course on recent work, volume 46 of Lecture Notes, 
London Math. Soc., Combridge. 

A. KLAPPER, M. GORESKY, (1994), 2-Adic shift registers, “Lecture Notes in Computer Science”, 
809, pp. 174-178. 

S.V. KOZYREV, (2008), Toward an ultrametric theory of turbulence, “Theoretical and Mathematical 
Physics”, 157, N. 3, pp. 1713-1722. 

A. MAKAGON, V. MANDERKAR, (1990), The spectral representation of stable processes: Harmonizability 
and regularity, “Probability Theory and Related Fields”, 85, pp. 1-11. 

P.A. MORETTIN, (1980), Homogeneous random processes on locally compact Abelian groups, “Anai 
Academia Brasileira de Ciências”, 52, pp. 1-6. 

E. MASRY, S. CAMBANIS, (1984), Spectral density estimation for stationary stable processes, “Stochastic 
processes and their applications”, 18, pp. 1-31. 

E. MASRY, (1978), Alias-free sampling: An alternative conceptualization and its applications, “IEEE 
Trans. Information theory”, 24, pp. 317-324. 

A. PALLINI, (2007), Bernstein-type approximation using the beta-binomial distribution, “Statistica”, 
67, N. 4, pp. 367-387. 



 R. Sabre 448 

P. PERLOV, (1989), Direct estimation of the spectrum of stationary stochastic processes, “Trans. from 
Problemy Perdacti Informatsii”, 25, N. 2, pp. 3-12. 

MP. PRIESTLEY, (1981), Spectral analysis and time series, Probability and Mathematical Statistics, 
Academic Press, London. 

M. RACHDI, V. MONSAN, (1999), Asymptoic properties of p-adic spectral estimates of second order, “J. of 
combinatoirics Information and System Sciences”, 24, N. 2, pp. 113-142. 

M. RACHDI, R. SABRE, (2009), Mixed-spectra analysis for stationary random field, “Stat. Methods 
Appl.”, 18, pp. 333-358. 

R. SABRE, (1994), Estimation de la densité de la mesure spectrale mixte pour un processus symétrique 
stable strictement stationaire, C. R. Acad. Sci. Paris, t. 319, Série I, pp. 1307-1310. 

R. SABRE, (1995), Spectral density estimation for stationary stable random fields, “Applicationes 
Math.”, 23, N. 2, pp. 107-133. 

R. SABRE, (2002), Aliasing free for symmetric stable random fields, “Egyp. Stat. J.”, 46, pp. 53-75. 
R. SABRE, (2003), Nonparammetric estimation of the continuous part of mixed measure, “Statistica”, 

LXIII, N. 3, pp. 441-467. 
G. SAMORODNITSKY, M. TAQQU, (1994), Stable non gaussian random processes, Stochastic Modeling 

Chapman and Hall, New York, London. 
M. SAMUELIDES, L. TOUZILLIER, (1990), Analyse harmoniqu., vol. 1 and 2. CEPAD, Toulouse. 
M. SCHILDER, (1970), Some structure theorems for the Symmetric Stable laws, “Ann. Math. Stat.”, 

42, N. 2, pp. 412-421. 
V.S. VLADIMIROV, (1988), Generalized functions over the field of p-adic numbers, “Russian Math. 

Surveys”, 10, pp. 19-64. 

SUMMARY 

Spectral density estimation for symmetric stable p-adic processes 

Applications of p-adic numbers ar beming increasingly important espcially in the field 
of applied physics. The objective of this work is to study the estimation of the spectral of 
p-adic stable processes. An estimator formed by a smoothing periodogram is constructed. 
It is shwon that this estimator is asymptotically unbiased and consistent. Rates of conver-
gences are also examined. 




